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Variation in species composition explained by
7 spatially autocorrelated environmental variables
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Introduction Main aims Case study

(vegetation of subtropical broadleaf forest in Taiwan)

What is the variation in species
composition explained by
environmental variables, and is it
significant? This is a frequently
encountered question by
community ecologists, which can
be rather easily solved e.g. by
means of constrained ordination,
if suitable data are available.

The problem arises in the
presence of spatial
autocorrelation in residuals, which
is known to inflate tests of
significance and bias estimates of

* To introduce the concept of
variation adjusted for effect of
spatial autocorrelation.

 To demonstrate the use of this
concept on real vegetation data
from 25ha forest permanent plot
In Taiwan.
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Question

Which measured soil or topographical
variables are best explaining species
composition in subtropical broadleaf
forest in Taiwan, if we correct for the
effect of spatial autocorrelation?

Data " ©

* Vegetation of subtropical broadleaved forest in 25ha Lienhauchih
Forest Dynamics Plot, Taiwan (Fig. 2);

* 625 plots (20 x 20 m), 153 264 individuals of woody species with
DBH>1cm;

e 20 environmental variables - 4 topographical (aspect, slope,
elevation, convexity) and 16 soil variables (chemistry and
texture).

Figure 2. Lienhuachih Forest Dynamics Plot, Taiwan.
(Photo credit: D. Zeleny)
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